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Mechanism to Enhance Team Creative Performance through Social Media: A Transactive

Memory System Approach

Abstract:

Research on social media as a source of knowledge coordination and communication has been
flourishing. Organizations are increasingly focusing on teamwork as a creative solution for
contemporary market challenges. In this study, we develop a mechanism to test the effects of the
three dimensions of social media (social, cognitive, and hedonic use) on team creative performance
in terms of knowledge management. Our survey data are collected from 382 members of 82
knowledge work teams. The analysis reveals that the three dimensions of social media have
different effects on the transactive memory system. In addition, the dimensions of the transactive
memory system enhance team creative performance through team creative efficacy. These findings
bridge a literature gap by explaining the process and mechanism by which different social media
uses influence team creative performance. This study has practical implications among
organizations that aim to use social media to utilize each team member’s expert knowledge to

boost creative performance.

Keywords: social media, transactive memory system, team creative efficacy, team creative

performance

1. Introduction

Social media has gone through rapid growth in recent years. Such growth holds great promises for
interaction, communication, and organization performance. Méantymaki and Riemer (2016) argued
that the effective use of social media can increase the productivity of knowledge workers by about

20%-25%. Owing to the prevalence of team-based structures in the knowledge-based economy,



social media promises to contribute to knowledge management (Di lorio & Rossi, 2018) and team
performance (Nissen & Bergin, 2013). A recent report claims that social media has distinct
purposes, such as maintaining social relations, managing knowledge, and relieving stress (Guo,
2017). Previous studies also acknowledged the diverse purposes of social media (Cao & Ali, 2018;
Lietal., 2015; Zolkepli & Kamarulzaman, 2015). However, scholars overlooked how the different
uses of social media facilitate knowledge management among teams. Knowledge is considered a
critical source for organizations to promote innovation and tackle competitive challenges (Alavi
& Leidner, 2001). The efficient flow and exchange of knowledge are considered vital factors for
enhancing a team’s creative abilities (Sung & Choi, 2012). Social media may have an impact on
knowledge management and social learning among organizations (Zhang et al., 2015). Therefore,
further research is needed to investigate the effect of social media on knowledge management
processes (Sigala & Chalkiti, 2015). The present study uses the enabler—process—intermediate
outcome—performance outcome framework (Lee & Choi, 2003) to fill this literature gap. It also
explores the impact of social media dimensions on team creative performance (TCP) by improving

knowledge coordination within teams.

Uses and gratifications theory (UGT), which has its roots in communication literature, is said to
play an integral part in understanding the adoption of social media among organizations. The basic
concept of UGT is that team members seek out media that might fulfill their needs and lead to their
ultimate gratification (Whiting & Williams, 2013). Thus, UGT is relevant in understanding social
media adoption. On the basis of UGT, literature describes three constituents of social media (Ali-
Hassan et al., 2015). These constituents are theoretically distinct. Social use is related to
developing social networks and maintaining social relations. Hedonic use is related to enjoyment

and entertainment. Cognitive use is related to knowledge creation and sharing activities.



Previously, scholars suggested exploring the different uses and applications of social media (Aral
et al., 2013; Cao & Ali, 2018). Sigala and Chalkiti (2015) recommended the identification of

mechanisms by which social media can facilitate creative performance.

Knowledge is a resource distributed among team members (Farr et al., 2003). Ensuring the
availability of the right knowledge to the right person is critical to team success. Wegner (1987)
proposed the transactive memory system (TMS) to address efficient knowledge management
among teams, as well as to coordinate and utilize such distributed knowledge. TMS is found to be
useful in knowledge management to leverage team performance (Peltokorpi & Hasu, 2016;
Whelan & Teigland, 2013). Specialization, credibility, and coordination are the distinct
dimensions of TMS (Akgiin et al., 2005; Moreland & Myaskovsky, 2000; Zhang et al., 2007;
Zhong et al., 2012). A well-developed TMS enables team members to understand their individual
expertise (specialization), increase their trust in other members’ knowledge and expertise
(credibility), and promote effective and well-coordinated knowledge processing (coordination)
(Zhong et al., 2012). These facets have been integrated into a single factor (Choi et al., 2010; Fan
et al., 2016). Scholars recognize the approach to measuring TMS as a single variable. However,
such an approach comes with limitations. The dimensions of TMS may have different antecedents
and effects on outcomes, which may be limited when TMS is analyzed as a single variable. The
present study investigates these dimensions separately, thereby improving the understanding of

such antecedents and effects.

Previous studies turned their focus toward another mechanism of intermediate outcome, namely,
the emergent state. Recent research stated that team emergent states and processes affect team
performance (Peltokorpi & Hasu, 2016). Team emergent state describes the activities performed

interdependently by team members to utilize team resources for attaining common goals (Marks



et al,, 2001). By contrast, team process describes the cognitive, motivational, and effective
properties of the team (DeChurch & Mesmer-Magnus, 2010). Zhong et al. (2012) noted that team
cognitive processes affect the team emergent state. Thus, Peltokorpi and Hasu (2016)
recommended the integration of both team processes and team emergent state in a single model.
Team creative efficacy (TCE) as an emergent state received less attention in previous studies,
though it is significantly related to TCP (Shin & Eom, 2014). TCE refers to the faith of team
members in their capabilities and potentials for novel ideas and creative performance (Bandura,
1997; Tierney & Farmer, 2011). Creative efficacy is an outcome of TMS (Fan et al., 2016) and a
critical progenitor for creative performance (Gong et al., 2009; Puente-Diaz, 2016). Apart from its
direct relationship with TMS and TCP, TCE may also act as a mediator in this relationship.
Empirical investigations on the relationship between TMS and TCE remain insufficient. However,
the present study may improve our understanding on the effects of TMS on TCE, as well as provide

specific ways to enhance TCP.

In sum, this study aims to answer the following research questions: (1) How can the three
dimensions of social media be utilized effectively in developing TMS? (2) How can TMS
dimensions facilitate TCP by increasing TCE? This study contributes to the literature by defining
how the facets of social media enable knowledge management processes. By employing the
proposed coherent mechanism, this study also explains the significance of each social media

dimension vis-a-vis the TMS dimensions that consequently affect TCE and TCP.

The remainder of the article is organized as follows. First, the article presents the theoretical
background and hypothesis development. Second, the empirical data collected from knowledge
work teams are discussed followed by the data analysis section. Finally, the article concludes with

the discussion of findings and the recommendations for future research.



2. Theoretical background and research hypotheses

2.1. Three dimensions of social media

Social media is used for multiple disparate purposes of knowledge sharing and guidance seeking
among professionals (e.g., LinkedIn), microblogging and sharing personal experiences (Facebook
and WeChat), and video sharing and tagging among friends and the online community (YouTube
and Youku). Social media is an open-source information repository that is accessible in offices
and homes. It provides a platform for sharing, discussing, and co-creating knowledge and
information (Sigala & Chalkiti, 2015), as well as enhancing team creativity (Cao & Ali, 2018).
According to Cao et al. (2016), the performance of team communication at the workplace can be
enhanced by connecting knowledge experts through different social media tools. Moreover, Ali-
Hassan et al. (2015) suggested that the purpose of social media varies among individual employees;
thus, the actual gain of the organization from using social media depends on the motivation of
employees. A procession of models and theories conceptualizes and explains information systems.
Therefore, conceiving that social media antecedents, processes, outcomes, and acceptance are not
beyond our comprehension seems rational. However, the prevailing orthodox view of generalizing
user behavior still concerns researchers and practitioners (Ali-Hassan et al., 2015; Barki et al.,
2007; Go et al., 2016; Venkatesh et al., 2008). This situation raises the question on the magnitude

of the effect of different social media usage motives on knowledge outcomes and TCP.

As a vibrant sociological paradigm in communication literature, UGT (Katz et al., 1973) perfectly
describes the nature and intentions toward social media use. UGT proposes that team members are
goal oriented in their choice of media use, and they analyze the value of benefits to gratify their

specific needs (Hicks et al., 2012; Kasabov, 2016). According to UGT, the motive of team



members to use a particular media to interact with others depends on the capacity of the media to
fulfill specific gratifications and needs (Ku et al., 2013). Scholars have applied UGT to examine
the diverse areas of traditional mass media and mediated communications (Ancu & Cozma, 2009;
Dunne et al., 2010). Recent literature has linked UGT in explaining social media adoption (Chang,
2015; Gan & Li, 2018; Gan & Wang, 2015; Heravi et al., 2018; Luo & Remus, 2014). Therefore,
UGT is an appropriate framework to understand social media usage motives and their impact on

team performance.

Three categories of needs that can be satisfied through media have been identified, including
enhancing social interaction (social need), seeking information (cognitive need), and pursuing
enjoyment (hedonic needs) (Ifinedo, 2016; Katz et al., 1973). Apparently, social media can satisfy
these needs (Gan & Wang, 2015; Whiting & Williams, 2013). Ali-Hassan et al. (2015) argued that
particular dimensions of social media can indeed satisfy social, cognitive, and hedonic needs.
These dimensions are social, cognitive, and hedonic use, respectively. Social use refers to
connecting and interacting with people while expanding one’s social circle and staying connected
with existing friends (Correa et al., 2010; Quan-Haase & Young, 2010; Sheldon & Bryant, 2016)
to share social activities and personal information (Tseng, 2017). Cognitive use is related to
information seeking, assessing, and sharing user-generated content (Ali-Hassan & Nevo, 2009;
Sheldon & Bryant, 2016), as well as learning from experts (Tseng, 2017). Hedonic use is

associated with entertainment, fun, and relaxation (Bright et al., 2015; Pittman & Reich, 2016).

2.2. Transactive memory system

Wegner’s (1987) proposal of TMS theory is an epoch-making phenomenon in understanding group

interaction and coordination, thus benefiting individual knowledge in a group and solving



information memory problems. TMS is defined as “the shared division of cognitive labor with
respect to the encoding, storage, retrieval, and the communication of information from different
knowledge domains, which often develops in groups and can lead to greater efficiency and
effectiveness” (Brandon & Hollingshead, 2004, p. 633). Liang, Moreland, and Argote (1995)
described three aspects of TMS: specialization, credibility, and coordination. Specialization refers
to the phenomenon wherein group members have expert knowledge of their unique domain of
interest (Chen et al., 2013; Moreland & Myaskovsky, 2000) and understand “who knows what”
(Choi et al., 2010). Specialization decreases the cognitive load of group members because each
member can concentrate on his/her own domain of knowledge. It encourages members to focus on
knowledge integration across multiple areas to increase knowledge application for the team.
Credibility is the group members’ trust and belief in the knowledge of other members (Lewis,
2003). Previous research on cognitive behavior suggests that having specialized knowledge of
one’s domain is not enough unless team members trust one another’s capabilities to share their
knowledge without explicit justifications (Kanawattanachai & Yoo, 2007). Coordination refers to
a systematic, smooth, and efficient way to discuss, share, and retrieve knowledge within the group

(Choi et al., 2010; Li & Huang, 2013).

Previous studies have investigated TMS as a 1D construct. TMS dimensions were assumed to
share similar impacts on team performance. However, Chen et al. (2013) and Kanawattanachai
and Yoo (2007) noted that TMS dimensions have various impacts on team performance and thus
recommended individual investigations. Knowledge specialization and credibility improve
coordination (Zhong et al., 2012), knowledge integration, and creative performance among team
members mediated by TCE (Cheng & Yang, 2014). Figure 1 shows the research model and

associated hypotheses of the present study.



2.2.1. Social media dimensions and specialization

Specialization is the differentiated structure of expertise and a meta-knowledge of the individual
expertise of team members. Social media is adopted by organizations to facilitate interaction,
communication, and information exchange among people via the virtual social and workplace
environment (Cao & Ali, 2018). It provides a virtual social platform where organization members
can connect, communicate, and interact with one another. It also gives access to the profiles of
virtual connections (Correa et al., 2010). Social interaction, communication, and profile
information may increase the mutual understanding of members’ expertise and knowledge while
creating a knowledge directory of individual expertise. Team members who are familiar with one
another are more likely to share specialized knowledge and expertise than those who are not.
Lefebvre et al. (2016) revealed that social interaction among members positively influences

knowledge sharing.

Members of a group have multiple knowledge expertise. Members may enrich their own
knowledge when they are cognitively engaged in content generation and knowledge exchange
(Huang et al., 2013). Therefore the cognitive use of social media for collaborative knowledge
creation, retrieval, and sharing can deepen specialized knowledge among team members who are
engaged in the knowledge management process. When an employee shares content on LinkedIn,
other employees with similar interests are likely to read and comment on this content. This
discussion will facilitate knowledge creation and create an exchange process through which
employees will discuss, communicate, and exchange their knowledge on specific content. This

situation may lead to the enrichment of specialized knowledge among engaged members.



The hedonic dimension refers to the use of social media for recreation, enjoyment, and fun. Unlike
online entertainment via television and computer-mediated gaming, recreation through social
media is based on interaction with other people (Ali-Hassan et al., 2015). This hedonic interaction
can facilitate knowledge sharing; however, actual work-related spark can be ignited by the social
and cognitive use of social media (Cao et al., 2012; Leftheriotis & Giannakos, 2014; Skeels &
Grudin, 2009). Employees are likely to disengage from their hedonic use of social media with
other employees whom they do not know or with whom they have strictly professional interaction.
We do not expect that hedonic use has a significant influence on expert knowledge-sharing
behavior in the corporate environment. Therefore, we do not hypothesize a relationship between

hedonic use of social media and specialization.

Based on the above arguments, we hypothesize the following:

Hla: Within teams, the social use of social media is positively associated with specialization.

H1b: Within teams, the cognitive use of social media is positively associated with specialization.

2.2.2. Social media dimensions and coordination

Coordination is a team process that consists of strategies and behavior patterns aimed at the
integration and alignment of actions, knowledge, and objectives among team members to achieve
mutual goals (Rico et al., 2008). When group members are identified and are familiar with one
another, coordination should also improve because members can anticipate the behavior of other
members (Moreland & Myaskovsky, 2000). Team members with strong social relationships are
likely to enjoy enhanced coordination and cooperation for efficient task performance (Chen &
Peng, 2008; Zhong et al., 2012). Communication is considered a primary ingredient of

coordination among team members. Coordination by communication refers to the exchange of



information among team members through formal and informal means (Rico et al., 2008).
Members who interact with others and facilitate social relations via social media can coordinate
using their identification and awareness of knowledge and expertise of other members. Frequent
interaction and work-related communication increases the members’ understanding of the
knowledge, expertise, and skills of one another, thereby increasing their trust in the knowledge

resources of other members while reducing misunderstandings to facilitate coordination.

The cognitive use of social media focuses on instrumental ties, which facilitate the exchange of
task-related knowledge and information (Liu et al., 2014). Communication also increases the
mutual understanding of each member’s knowledge to decrease conflict and misunderstanding.
Interaction among members influences interpersonal coordination within teams (Gorman, 2014).
Knowledge-sharing behavior and discussion about job-related tasks increase members’ cognitive
awareness of a situation and enable them to predict the behavior of other members. According to
Bourbousson et al. (2015), the cognitive awareness of team members is related to team

coordination.

Hedonic use refers to the use of social media for entertainment, relaxation, and leisure. It is related
to expressive ties, which describe the frequent interaction among people who share similar
characteristics (Ali-Hassan et al., 2015). Hedonic social interaction may encourage employees to
share personal and general information. However, conceptual evidence on how hedonic use
facilitates coordination among team members is lacking. Employees probably use social media for
hedonic purposes during work breaks to relax their minds and interact informally with other
employees. They may play online games with one another. Online gaming requires communication
and cooperation among players, as well as interaction among competitors and partners (Domahidi

et al., 2014). Along with entertainment, online games enrich the users’ abilities to engage in



teamwork (Cole & Griffiths, 2007). Therefore, we propose that informal experiences of interaction,
communication, and cooperation through online gaming may also contribute to formal interaction
and coordination in work settings (Trepte et al., 2012). Several aspects of hedonic use likewise act
as coordination tools among team members (Nevo et al., 2011). Therefore, we hypothesize the

following:

H2a: Within teams, the social use of social media is positively associated with coordination.

H2b: Within teams, the cognitive use of social media is positively associated with coordination.

H2c: Within teams, the hedonic use of social media is positively associated with coordination.

2.2.3. Social media dimensions and credibility

Credibility in TMS is the achievement of confidence in the accuracy of each team member’s
knowledge. Khan et al. (2015) stated that credibility is similar to cognitive trust, which is
developed through interaction and communication among employees. Social media allows
employees to interact and communicate with one another. Along with general discussions, they
share information about job-related tasks and issues and receive help from other employees. All
of these benefits lead to the development of cognition-based trust (Kanawattanachai & Yoo, 2007;
Zhong et al., 2012). Likewise, continuous interaction (Bharati et al., 2015) and regular
communication are considered sources of trust (Jarvenpaa et al., 1998). In social media, fewer
filters can check the credibility of information floating from one user to another. Therefore,
credibility resides in the heuristics of the receiver's cognition. To logically analyze the credibility
of information, structured personal details of the content generator and distributor are increasingly
becoming critical. In this case, the social use of social media uncovers the knowledge and expertise

of members via social interaction and communication to measure credibility (Metzger & Flanagin,



2013) while relying on knowledge and logical evaluation to generate cognitive trust among team
members (Lee et al., 2012). Cao et al. (2012) recognized social media communication as an avenue

to nourish interpersonal trust.

According to Go et al. (2016), online media use for information seeking increases interpersonal
trust. Cognitive use encourages team members to create, share, and comment on user-generated
content. The participation and involvement of team members in content generation and discussion
with other members increase the mutual understanding of their expertise and knowledge, thereby
expanding the display of trust in their abilities (Gulati & Sytch, 2008). Moreover, trust, interaction,

and collaboration are correlated (Henttonen & Blomgqvist, 2005).

Credibility judgment is usually based on personal knowledge about the reputation of the source
and the authenticity of information. Social information processing theory (Walther, 1992)
describes that, unlike in face-to-face interaction where nonverbal cues are used, individuals use
alternative cues in computer-mediated communication to make judgments about others. The theory
argues that an individual’s opinion about other Web users is based on their perception of whatever
information they derive from online channels (Walther & Parks, 2002). Online games allow users
to interact, create, and share their profiles with other users. A profile influences the perceived
expertise, trustworthiness, and credibility in online interactions (Shan, 2016). Cao et al. (2016)
found that social media use helps increase trust among employees. Hedonic use influences social
capital, thereby leading to the development of expressive ties (Ali-Hassan et al., 2015) that
stimulate a shared understanding and clear communication among team members. Hence, they

improve the credibility and acceptability of team information and knowledge.

Based on the discussions above, we hypothesize the following:



H3a: Among team members, the social use of social media is positively associated with

credibility.

H3b: Among team members, the cognitive use of social media is positively associated with

credibility.

H3c: Among team members, the hedonic use of social media is positively associated with

credibility.

2.3. TMS dimensions and team creative efficacy

TCE 1is described as a shared belief among team members in the team’s ability to produce
synergetic and creative performance (Baer et al., 2008; Hon & Chan, 2013). It is an extension of
creative self-efficacy, which refers to an individual’s belief in his/her abilities to produce novel
outcomes (Tierney & Farmer, 2002). The literature considers both as an interlocked phenomenon
and supports the argument that individual efficacy eventually turns into team-level efficacy (Tasa
et al., 2007). According to Cheng and Yang (2014), TCE is developed through group-level
cognition. They also identified the cognitive processes that develop shared team efficacy, namely,
accumulation, interaction, examination, and accommodation. Accumulation refers to the
development of collective efficacy through knowledge acquisition. Interaction refers to the
acquisition and sharing of information through social interactions. Examination allows members
to develop shared efficacy through cooperation for knowledge integration. Accommodation
describes the emergence of a particular shared efficacy. These cognitive processes suggest that

collective knowledge management leads to the development and improvement of TCE.

The shared awareness of differentiated knowledge among members is likely to lubricate collective

creative efficacy (Cheng & Yang, 2014). According to Wegner et al. (1985), knowledge



integration occurs when people become aware of the specialized knowledge of other people in
relationships. Knowledge integration will optimize the generation of shared confidence, enrich
task-related knowledge to deal with challenges, and produce novel ideas through the assimilation,
combination, and application of specialized knowledge of team members (Bhandar et al., 2007).
Specialization provides members with the opportunity to optimize their own specific knowledge.
Given that each member must perform a specific task, specialized knowledge will contribute to
individual member’s creative efficacy, which will augment to TCE. If a member needs help in
performing a task because of his/her awareness of another member’s area of expertise, then they
can contact the concerned person directly and seek advice. Therefore, differentiated knowledge
generates a shared sense of efficacy among team members to efficiently deal with uncertain

situations.

TCE is the shared collective efficacy of team members to perform creatively. It depends on group
processes of interaction and coordination to acquire, share, and integrate knowledge. Damperat et
al. (2016) demonstrated that individual creative efficacy directly influences team-level creative
efficacy. Interaction and coordination among team members are considered essential ingredients
to transform individual efficacy into team-level creative efficacy. The absence of these attributes
may impede such a transformation (Alavi & McCormick, 2008). They also stated that teams
develop the principle of task interdependence, where the contribution of each member is
considered vital for the successful accomplishment of team objectives. Consequently, team
members are encouraged to promote interpersonal relations to achieve coordination and assistance
to realize shared goals (Saavedra et al., 1993). The interactional behavior develops an efficient
collaborative environment to share resources and lead to the emergence of collective creative

efficacy.



Organization citizenship behavior (Singh & Srivastava, 2009), knowledge creation, and sharing
are related to interpersonal trust within teams (Abrams et al., 2003). These behaviors are also
considered vital sources of creative efficacy. Credibility in the knowledge and expertise of each
member enhances the members’ confidence that the team has a sound repository of knowledge to
support task performance and generation of creative ideas. By contrast, if team members lack
interpersonal trust, then the team will be in a precarious situation where members hesitate to
engage their efforts toward shared team goals (Dirks & Ferrin, 2001). The reduced interpersonal
trust and joint efforts will significantly reduce team level efficacy of task accomplishment.
Therefore, if team members trust and believe that each one of them has the necessary knowledge
and ability to perform his/her part of the creative outcome, then TCE will increase. Therefore, we

hypothesize the following:

H4a: Specialization is positively associated with team creative efficacy.

H4b: Coordination is positively associated with team creative efficacy.

H4c: Credibility is positively associated with team creative efficacy.

2.4. Team creative efficacy and team creative performance

Team creativity is the process of generating useful and novel ideas through collaboration and the
exchange of knowledge and information among team members (Carmeli & Paulus, 2015).
Individuals collectively act as catalysts for team creativity. However, Jain et al. (2015) stated that
though team members provide the resources, the team processes of knowledge integration and

members' interaction actually play the crucial role in increasing TCP.

In recent years, the relationship between specific team efficacy and relative team performance has

been discussed in prior studies. TCE elevates TCP (Shin & Zhou, 2007; Shin & Eom, 2014)



through motivation and confidence in the abilities and demonstration of creativity among team
members at work, thereby generating creative ideas for dealing with performance-related matters
(Gong et al., 2009). The manner by which members interact and coordinate and the extent to which
they listen and value the ideas of one another in team discussions are associated with confidence
in the creative abilities of other members (Baer et al., 2008), thus aligning the prepositions to boost
TCP (Cheng & Yang, 2014). Hon and Chan (2013) argued that a team with a strong shared belief
in its abilities will increase its creative performance. Shin and Eom (2014) further rationalized the
positive relationship between TCE and TCP. Therefore, consistent with previous research, we

maintain the aforementioned relationship and postulate the following:

H5:  Team creative efficacy is positively associated with team creative performance.

Social Media TMS
Social Use Hia /. Specialization
H2a Hib
H4a
Team Team
H3 ; ;
Cognitive Use R Hab Coordination | —#ab Creative ws —p| Creative
Efficacy Performance
H3b
Hac
H2c
Hedonic Use Hac Credibility

Fig. 1 Proposed research model and hypotheses

3. Methodology

3.1. Measures



We used survey method data to test the research model. This method allows broad quantitative
description and analysis of hypotheses and assures an enhanced generalizability of the findings.
Our questionnaire was based on previously validated measures. All items were measured via a
seven-point Likert scale response format, ranging from 1 = “strongly disagree” to 7 = “strongly
agree.” The potential respondents are Chinese. Therefore, we invited three native Chinese who are
experts in the English language to translate the questions. We also asked experts to back-translate
the questionnaire to English to check the accuracy of translation. We used the scale developed by
Ali-Hassan et al. (2015). This scale comprises five, five, and four items to measure the three facets
of social media, social, cognitive, and hedonic use, respectively. The instruments to measure the
three dimensions of TMS, specialization, and coordination were directly taken from Zhong et al.
(2012). The four-item scale for credibility was taken from Huang et al. (2013), while the items
used to measure TCE were adopted from Shin and Zhou (2007). Following the suggestion of Sykes
and Venkatesh (2017), we asked team leaders to rate their team performance using the six-item
scale adopted from Shin et al. (2016). Task interdependence, which describes the extent to which
members of a team must exchange resources to complete a task together (Zhang et al., 2007), was
used as a control variable. We adopted the scale from Zhang et al. (2007) to measure task

interdependence. The survey items are listed in Appendix A.

3.1.1. Data collection

Initially, the organizations were located in different cities of China. They were identified through
enterprise associations and executive MBA alumni groups, which engage teams to perform
knowledge work. The social media adopted by these organizations comprised public and private
platforms, such as WeChat, Weibo, Yammer, and Mingdao. We randomly interviewed 71 team

members from selected organizations to confirm if they use social media at work for interaction,



communication, and knowledge sharing. We found that knowledge work teams heavily rely on
social media to discuss team progress, share knowledge, and maintain close relationships among
members. Therefore, these teams qualify as measures of the implications of social media on

knowledge management and team performance (Wang et al., 2018).

Among the 79 organizations we contacted, a total of 64 agreed to participate in our study. We
explained the purpose of the study to potential survey respondents and guaranteed their privacy.
We administered questionnaires in separate envelopes to each team leader and member from
March to April 2017. We collected 398 responses from the members of 89 teams from selected
organizations. After removing incomplete questionnaires, we ended up with 82 teams consisting
of 382 members. The teams that did not provide at least three complete questionnaires—excluding
the response of their leader—and have been together for less than three months were excluded as
well. We adopted the method proposed by Gong et al. (2012) to collect individual member data
and aggregate them to generate team-level data. The team response composition ranged from 3 to
12 in our survey. As shown in Table 1, the demographic characteristics of respondents show that
the majority are male (68%). About 52% of respondents received undergraduate degrees and 42%
had masters or above. Additionally, the respondents are scattered in all listed industries. No
dominant industry was observed regarding response rate. Most of the respondents hold non-
managerial positions (77%) in their organizations. Furthermore, over 70% of the respondents are

aged 18 to 35 years old.

4. Data Analysis

Partial least squares (PLS) is used for structural equation analysis to test our measurement and

structural model. As a structural equation modeling technique, PLS supports both exploratory and



confirmatory research (Gefen et al., 2000). It is an appropriate tool to calculate the reliability and
validity of measures, as well as to estimate the relationships among constructs (Wold, 1982). Five

doctoral students reviewed the measurement items to ensure content validity.

4.1. Aggregation

Our unit of analysis is team. We aggregated individual responses to derive the team-level score.
We then calculated inter-team member agreement (r,,) to ensure that aggregation was appropriate
(James, 1982). An established absolute standard value for r,,, was not required (Avolio et al., 2004).
However, the median ry, of the scale equal to or exceeding 0.70 (George, 1990) was considered
appropriate to aggregate individual data and thus derive team-level response. The results show that
medians r,, for social, cognitive, and hedonic use are 0.96, 0.98, and 0.96, respectively.
Meanwhile, the medians r,, for specialization, coordination, credibility, TCE, and task
interdependence are 0.92, 0.92, 0.95, 0.91, and 0.83, respectively. These values were all greater
than 0.70, thereby guaranteeing the validity of the aggregation approach. Such results provide
statistical evidence that individual responses can be aggregated to derive team-level response. Thus,

we aggregated every team member’s response to generate the team-level score.

4.2. Measurement model

We performed confirmatory factor analysis on the constructs after aggregating the individual data.
The results show that the loadings of each item of specialization, TCP, and task interdependence
were lower than the acceptable level. Therefore, these items were eliminated for further analysis.
All the weights and loadings (Table 2) of the measures were above the acceptable level of 0.70

(Chin, 1998).



We tested composite reliability and average variance extracted (AVE) to demonstrate the
convergent validity of the constructs. Table 3 shows the composite reliability values from 0.85 to
0.97 and the Cronbach’s alpha scores from 0.77 to 0.92. Both scores were above the recommended
(Fornell & Larcker, 1981) level of 0.60. Meanwhile, AVE scores ranging from 0.59 to 0.88 were
higher than the acceptable level of 0.50 (Flynn et al., 1990). Finally, we calculated the square root
of the AVE for each construct to measure discriminant validity. The large values of these square
roots and the correlation between constructs confirm the discriminant validity (Table 4). Higher

loadings (Table 2) of items on their designated constructs further confirm the discriminant validity.

In addition, we examined the variance inflation factors (VIFs) to assess potential multicollinearity.
VIF values ranging from 1.00 to 1.29 were well below the 10.0 threshold (Diamantopoulos &

Siguaw, 2006). Thus, no significant multicollinearity issue was observed in this research.

Although we collected all the data at a similar time and source, common method bias (CMB) could
still affect the validity of the study. Therefore, we used Harman’s single-factor method to examine
the data for CMB (Carr, 2007). A total of 27 constructs had eigenvalues higher than 1.0, which
accounted for 96.24% of variance. The first construct caused 16.91% of the variance. Thus, CMB

does not have a substantial effect on the results of the present research.

4.3. Structural model

Figure 2 depicts the results of the structural model analysis. Analysis results, in addition to the
path coefficient of all the relationships, indicate that the lowest value (0.19) of variance explained
(R?) by each dependent variable is above the adequate level of .10 (Falk & Miller, 1992). However,

these R? values are rather weak (Chin, 1998), and blindfolding assessment indicated that Q° values



(ranging from 0.10 to 0.21) are considerably above zero. Thus, the predictive relevance of the

research model is confirmed (Ali & Park, 2016).

Hypothesis analysis indicates that both social and cognitive use have significant relationships with
specialization (supporting Hla and H1b, respectively). The data also supported H2a, H2b, and H2c.
Thus, the three dimensions of social media are significant predictors of coordination. Social and
cognitive use have significant relationships with creativity (supporting H3a and H3b, respectively).
By contrast, hedonic use does not have a significant relationship with credibility, thereby
disproving H3c. The relationships among the three dimensions of TMS and TCE support H4b and
H4c but disprove H4a. TCE was found to have a significant positive relation with TCP. The control
variables, task interdependence and team size, are significantly related to TCP. However, the seven

dummy variables for industry type are insignificantly related to TCP.

Social Media TMS
*p<0.05 **p<0.01 ***p<0.001
Social Use Specialization
(R = 0.19)
0.10
Team Team
Cognitive Use Cc2>ord|nat|on | g3pes Creative | | jpuns Creative
(R"=0.27) Efficacy Performance
Z_ R*-0.26
0.22% (R"=0.25) ( )
: hili Control variables:
Hedonic Use Crzedlblhty Task interdependence (0.29%)
(R"=0.32) Team size (0.22*)

Industry type (-0.11, -0.14,
0.13.0.7. -0.01. 0.05. 0.07)

Fig. 2. Results of PLS analysis

4.4. Mediation analysis

The mediation effect of TCE among the three dimensions of TMS and TCP was tested using two

approaches. First, we used PROCESS macro (Hayes, 2013). The Sobel test with a bootstrapping



95% confidence interval and normal theory test found that specialization, coordination, and
credibility have indirect effects on TCP via TCE. The results of the mediation analysis are reported
in Table 5. Second, we analyzed the partial or full mediation effect among the variables using the
three-step approach by Baron & Kenny (1986). As shown in Table 6, TCE partially mediated the
relationship between specialization and TCP. Moreover, full mediation effects were observed

among coordination, credibility, and TCP.

5. Discussion and limitations

5.1.  Theoretical implications

Our study has several important implications on social media and team creative behavior research
from a knowledge management perspective. This research advances knowledge of social media
applications on knowledge management among teams. With the use of UGT, the distinct uses of
social media in teams are discussed for TMS. Despite the well-recognized importance of social
media in organizations (Cai et al., 2018; Cao et al., 2012), research on different organizational uses
of social media is limited. Cao and Ali (2018) and Sigala and Chalkiti (2015) claimed that further
research is needed to understand the organizational applications of social media. The present study

attempts to respond to this need.

Our results demonstrate that each social media aspect has varying impacts on the development of
TMS dimensions. We explicitly explored the role that different social media uses play on the three
dimensions of TMS. However, we found substantive path coefficients from social use to each
dimension of TMS. Thus, even the social use of social media can enhance the effectiveness of
knowledge management by significantly improving coordination and trusted knowledge map

among teams. Social interaction plays a vital role in the development of TMS (Ryan & O’Connor,



2013). Thus, firms that implement tools aimed at facilitating interaction and communication
among team members support the development of TMS among teams. Furthermore, cognitive use
was found to be another strong predictor of TMS. Engagement in online information seeking,
content creation, and information sharing increases the effectiveness of developing credibility
among team members. In particular, cognitive engagement among team members on social media
increases interpersonal credibility (Go et al., 2016). This finding does not negate the importance
of cognitive use for specialization and coordination among team members. Hence, the path
coefficients suggest that cognitive use is related to knowledge coordination (Gorman, 2014).
Cognitive support of social media, alongside increasing credibility and coordination among team
members, increases knowledge expertise as well. In addition, our findings show that the hedonic
use of social media has a much weaker impact on credibility than coordination. Thus, although
hedonic use can enhance coordination among team members, trust in member's knowledge
requires other social media tools and applications. Extant literature states that credibility is a
perception; it is not a quality of the source or the channel itself (Fogg & Tseng, 1999). Therefore,
many things impact credibility while using social media (Lin et al., 2016; Liu, 2004; Westerman
et al., 2014). Drawing on previous works, the present study opens a new perspective for future
scholars to investigate further the effects of hedonic use to support the credibility dimension of

TMS.

This study also demonstrates that each dimension of TMS has a different originating contribution
in supporting TCE. Therefore, they should be treated separately. The impact of the three
dimensions of TMS on TCE shows that coordination is the strongest contributor, whereas
credibility is a slightly weaker facilitator of TCE. Therefore, coordination is the most important

part of TMS (Kanawattanachai & Yoo, 2007). Surprisingly, the study did not find a significant



relationship between specialization and TCE. Gong et al. (2009) argued that individual creative
efficacy is a combination of personal knowledge and skills. Cheng and Yang (2014) noted that
TCE is developed when team members combine their knowledge and expertise in a coordinative
manner. Therefore, any member having specialized knowledge may enhance their personal
creative efficacy. However, the collective creative efficacy of a team depends on well-coordinated
and trusted knowledge sharing among members. Thus, specialized knowledge is not enough. Well-
coordinated activities and trusted belief in other members inspire members to perform creative
tasks by promoting the motivational state within the team. TCE is a significant predictor of TCP.
The mediation effects of TCE indicate that even if team members have a well-structured TMS but
lack the confidence to achieve their creative goals, then they may not exert full efforts to benefit
from the expertise of other members. The efforts of the members are essential to achieving team

creative goals (Bandura, 1997).

5.2. Managerial implications

This study also has several practical implications among managers. First, the substantial impact of
social media use was confirmed. The three types of social media uses were found to have different
effects on the three dimensions of TMS. In particular, managers are urged to concentrate on
developing a knowledge management system that is supported by social, cognitive, and hedonic
dimensions of social media. These three types of social media use have their own unique
contributions toward the development of an effectively coordinated and trusted knowledge
management system. Managers must carefully consider how social media tools support the
different aspects of TMS among teams. They can encourage employees to engage in the social use
of social media within work teams and arrange hedonic activities on social media to promote

emotional attachment among team members, thereby facilitating enhanced coordination within the



team. Furthermore, previous studies have found that other factors, such as training and feedback,
affect TMS development (Lewis, 2004; Liang et al., 1995). Therefore, managers must consider
these factors first. Merely adapting a dimension of social media and ignoring such factors might

decrease the return on investment.

Second, the present study demonstrates the effect of TCE on TCP. Organizations should pay
attention to developing creative efficacy within their teams. Organizations that employ teams for
knowledge-oriented activities should consider the development of smooth coordination
mechanisms within their teams using social media for easy sharing of knowledge, skills, and
expertise. Teams must also understand the opportunities hidden in social media usage, which may
be different for each aspect of knowledge management. This might lead them to gain benefits from

using social media, such as development of TMS and increasing TCP.

5.3. Limitations and conclusion

Our study has left many unanswered questions that can be investigated by future studies. First, we
focused on subjective measures that may not cover full objective reality. Second, this study is
based on cross-sectional data. TMS cannot be developed at a single point in time, instead of
evolving over time (Kanawattanachai & Yoo, 2007) with interaction and coordination among
individuals. Therefore, future researchers should use longitudinal data in investigating the effect
of social media use on TMS. In addition, future studies must examine how social media can help
develop TMS over time. Third, social media communication is not limited to a single team. It may
facilitate communication with individuals and experts around the world from diverse fields and
countries to share and exchange knowledge and expertise. Therefore, future researchers should

conduct a multi-level study to investigate how individual social media use can help develop TMS



among knowledge-oriented teams. This study likewise views social media through the lenses of
interaction and communication, as well as act as a repository of information (Sigala & Chalkiti,
2015). Thus, future researchers should investigate the information-storage aspect of social media.
Finally, this study was conducted in China and was therefore influenced by the Chinese culture.
Thus, the generalizability of this study may be questioned. Future studies should generalize the

findings to the cultural context of other countries.

In conclusion, this study has shown that diverse social media uses can be helpful for increasing
TCE and TCP. Such an effect can be achieved by triggering trust in specialized knowledge and
expertise among members via a well-established coordination mechanism. When organizations
allow team members to use different tools of social media according to their motives, the
specialized knowledge of the team members increases. Besides, Social media tools allow team
members to develop trusted knowledge coordination within teams. Such knowledge coordination
benefits collective creative efficacy, which eventually increases the creative performance of the

team.
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Table 1. Demographic characteristics

Measure Items Frequency Percent Measure Items Frequency Percent
Gender Male 259 67.8 Age range 18-25 187 49.0
Female 123 322 26-35 131 342
Education level Primary school 2 0.5 36-45 56 14.7
Intermediate 20 52 46 or above 8 2.1
Undergraduate 200 524
Masters or above 160 41.9 Position Non managerial employee 293 76.7
Industry type Manufacturing 41 10.7 Manager 72 18.8
IT industry 103 27.0 Senior manager / Executive 17 4.5
manager
Education 54 14.1 Team size 5 or below 92 24
Construction 40 10.5 6-10 90 23.6
Finance and banking 83 21.7 11-20 121 31.7
Logistics and 43 11.3 21-30 45 11.8
transportation
Others 18 4.7 31 or above 34 8.9

Table 2. Cross loadings of research constructs

Constructs Items 1 2 3 4 5 6 7 8 9
1. Social use SU1 0.82 0.05 0.04 042 026 034 038 0.33  -0.02
Ny 0.79  0.03 0.13 026 020 0.31 0.15 0.18  0.05
SuU3 0.79 -0.01 0.06 026 032 029 039 035 0.16
Su4 0.73 -0.08 0.12 027 030 039 025 0.35 0.00
SuU5 0.86 0.06 0.03 0.33 034 042 033 024 -0.01
2. Cognitive use CU1 0.01 0.82 0.11 0.17 034 0.23 0.08 -0.06 -0.12
Cu2 0.03 0.92 0.01 0.16 0.23 0.35 0.05 0.08  0.00
Cu3 0.00 090 0.01 022 020 028 0.02 0.05 0.03
CU4 0.00 086 0.02 0.13 027 040 0.12 -0.02 -0.05
CUs 0.03 0.84 0.10 0.21 0.31 0.29  0.08 0.11 -0.05
3. Hedonic use HU1 -0.03 -0.02 083 -0.06 0.07 -0.07 -0.18 0.08  0.02
HU2 0.14 0.04 097 006 027 0.09 0.05 0.18  0.00
HU3 0.07 0.06 096 006 026 006 0.06 0.25 0.00
HU4 0.07 0.09 098 004 026 0.08 0.05 0.15 0.01

4. Specialization SP1 039 023 -005 087 020 026 0.16 023 -0.07
SP2 025 011 0.03 078 014 024 023 034 0.07
SP3 032 015 016 088 003 016 016 024 0.05
5. Coordination COO01 0.18 034 029 004 080 039 033 006 -0.16

Ccoo2 023 033 022 013 077 034 034 0.13 -0.10
CO03 028 0.13 014 012 076 031 033 024 -0.22
Cco04 042 014 016 017 075 027 034 032 -0.12
6. Credibility CR1 041 035 -0.02 031 035 085 032 0.15 -0.08
CR2 041 030 011 021 038 089 037 031 -0.28
CR3 036 033 0.08 020 032 083 032 010 -0.11
CR4 031 024 008 017 042 084 031 025 -0.13
7. Team creative efficacy TCE1 036 003 0.03 011 037 033 091 031 -0.01
TCE2 030 0.10 0.05 011 044 037 086 023 -0.20
TCE3 035 010 003 034 033 032 087 022 -0.11
8. Team creative performance  TCP1 023 009 0.09 022 016 017 030 0.80 0.20
TCP2 030 000 0.02 032 016 015 016 082 022
TCP3 037 -005 033 019 027 028 023 0.73 0.12
TCP4 040 005 020 032 019 021 023 091 029
TCP5 022 003 0.18 026 023 0.18 027 086 0.23
9. Task interdependence TSKI1 ~ 0.04 -0.15 -0.04 -0.02 -028 -025 -0.19 0.12 0.78
TSKI2 002 0.00 004 004 -0.10 -0.11 -0.10 023 091
TSKI3 005 -0.06 003 0.04 -0.19 -019 -0.11 026 0.93
TSKI4 003 0.00 -0.03 -0.03 -0.17 -0.13 -0.07 0.26  0.90




Table 3. Results of confirmatory factor analysis

Constructs Cronbach's Alpha  Composite Reliability Average Variance Extracted (AVE)
Social use 0.86 0.90 0.64
Cognitive use 0.92 0.94 0.75
Hedonic use 0.96 0.97 0.88
Specialization 0.80 0.88 0.71
Coordination 0.77 0.85 0.59
Credibility 0.88 0.92 0.73
Team creative efficacy 0.85 0.91 0.77
Team creative performance 0.88 0.91 0.68
Task interdependence 0.91 0.93 0.78

Table 4. Inter-construct correlations

Constructs Mean _ Std. Deviation 1 2 3 4 5 6 7 8 9
1. Social use 4.91 0.38 0.80

2. Cognitive use 5.84 0.42 0.01  0.87

3. Hedonic use 2.76 0.86 0.09 0.06 0.94

4. Specialization 4.36 0.44 039 020 0.05 0.84

5. Coordination 4.85 0.43 036 031 027 0.15 0.77

6. Credibility 5.47 0.39 044 036 007 026 043 0.85

7. Team creative efficacy 2.64 0.75 038 0.08 004 021 043 039 0.88

8. Team creative performance  4.65 0.92 036 0.04 0.19 032 024 024 029 0.82

9. Task interdependence 4.96 0.74 0.04 -0.04 0.00 001 -0.19 -0.18 -0.12 0.26 0.88

Table 5. Results for simple mediation

Effect SE  LL95% CI UL 95% CI z

Indirect effect of specialization on team creative performance  0.12  0.09 0.01 0.39
Normal theory test for indirect effect 0.12 0.08 1.52%*
Indirect effect of credibility on team creative performance 0.23 0.11 0.07 0.51
Normal theory test for indirect effect 0.23 0.12 1.94%%*
Indirect effect of coordination on team creative performance 0.20 0.09 0.06 0.42
Normal theory test for indirect effect 0.20 0.11 1.81***

Note: N = 190. Unstandardized regression coefficients are reported. Bootstrap sample size = 5000.LL = lower limit;
CI = confidence interval; UL = upper limit; **p <.05; ***p <.01.

Table 6. Results of mediation analysis

Coefficient in regressions

v M DV IV+M - DV Mediating
IV-DV IV-M IV-DV M-DV
Specialization =~ Team creative efficacy ~ Team creative performance ~ 0.32%%*  0.21%* 0.22%%* 0.28***  Partial
Coordination ~ Team creative efficacy =~ Team creative performance  0.25%* 0.44***  0.16 0.21%** Full
Credibility Team creative efficacy Team creative performance  0.25** 0.39%**  0.16 0.22%%* Full

Note: **p00.05; ***p00.01



Appendix A

Survey items

Construct Items Measures
Social Use SU1 In my team, I use social media to create new relationships at with my team members.
SU2 In my team, I use social media to get to know team members I would otherwise not meet at work.
SU3 In my team, I use social media to maintain close social relationships with team members at work.
Su4 In my team, I use social media to get acquainted with team members who share my interests.
SuU5 In my team, I use social media to discover team members with interests similar to mine.
Cognitive Use CU1 In my team, I use social media to share content with team members.
Cu2 In my team, I use social media to create content in collaboration with team members.
CU3 In my team, I use social media to create content for work.
Cu4 In my team, I use social media to disseminate content in team.
CUs In my team, I use social media to access content created by my team members.
Hedonic Use HU1 In my team, I use social media to enjoy my break.
HU2 In my team, I use social media to take a break from work.
HU3 In my team, I use social media to entertain myself.
HU4 In my team, I use social media to relax at work.
Specialization SP1 Each member of my team has specialized knowledge of some aspect of our projects.
SP2 Different team members are responsible for expertise in different areas.
SP3 I know which team members have expertise in specific areas.
Credibility CR1 I am comfortable accepting procedural suggestions from other team members.
CR2 I trust that other members’ knowledge about our projects is credible.
CR3 I am confident relying on the information that other team members bring to the discussion.
CR4 I do not have much faith in other members’ expertise.
Coordination CO1 Our team members have a global perspective that includes each other’s decisions and the relationship among them.
CO2 Our team members carefully interrelate action to each other to the teamwork done.
CO3 Our team members carefully make their decision to maximize an overall team performance.
CO4 Our team members have developed a clear understanding of how each business function should be coordinated.
Team Creative Efficacy TCE1 Our team has confidence in our ability to solve problems creatively.
TCE2 Our team feels that we are good at generating novel ideas.
TCE3 Our team has a knack for further developing the ideas of others.
Team Creative TCP1 My team members’ work is original, adaptive, and practical.
Performance TCP2 My team members generated creative idea.
TCP3 My team members promote and champions idea to others.
TCP4 My team members search out new technologies, processes, techniques, and/or product ideas.
TCPS My team members investigate and secures resources needed to implement new idea.
Task Interdependence TSKI1 I work closely with others in doing my work.
TSKI2 I frequently must coordinate my efforts with others.
TSK13 My own performance is dependent on receiving accurate information from others
TSKI4  The way I perform my job has a significant impact on others.




Highlights

e Aframework to enhance team creative performance through social media is defined.

e Social media dimensions differ in their impact on knowledge management in knowledge work
teams.

e A well-developed transactive memory system is essential for team creative efficacy to generate
creative solutions.

e Effective coordination and trust among team members enhances the team creative efficacy.



