
Vol.:(0123456789)

Marketing Letters
https://doi.org/10.1007/s11002-023-09682-7

1 3

Where is the brand growth potential? An examination 
of buyer groups

Giang Tue Trinh1   · John Dawes1 · Byron Sharp1

Accepted: 14 May 2023 
© The Author(s) 2023

Abstract
Practitioners and academics have long discussed strategies for brand sales growth. 
A recent example is an industry debate in which different brand growth strategies 
were argued: https://​www.​mmagl​obal.​com/​thegr​eatde​bate (MMA Global & Neus-
tarr, 2021). A central question in this arena is whether a brand should focus on its 
heavy, light, or non-buyers in its efforts to grow its sales. This study contributes to 
our knowledge about how sales growth can occur by investigating the potential con-
tribution these three buyer groups can make to any sales gain. Using both, a simula-
tion study and an empirical study of purchases of approximately 12,400 households 
in the UK, across different brands and categories, we show that almost any brand’s 
headroom growth potential lies mostly in light or non-buyers of that brand. Even 
for large brands with high penetration the growth potential of light brand buyers 
eclipses heavy brand buyers.

Keywords  Marketing strategy · Brand growth · Pareto share · Dirichlet model · 
Heavy buyers

1 � Introduction 

The degree to which marketing strategy should focus on heavy versus light buyers of 
a brand has generated much debate (e.g. Hallberg, 1995; Hallberg, 1999; Reilly and 
Deb, 2009; Smith & Blair, 2018; Taussig, 2016). At the heart of this debate is the 
question of how much heavy buyers of a brand (the brand’s heaviest 20% or top cus-
tomers) contribute to its current sales, for example, is the contribution close to 80% 
(i.e., the Pareto rule). Kim et al. (2017) reported that heavy buyers contribute 73% 
of sales. Many authors suggest, therefore, that management attention should focus 
on these heavy buyers (Hallberg, 1999; Taussig, 2016). By contrast, Sharp (2010) 
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reported that heavy buyers contribute around half the sales; therefore, concentrating 
on this segment should not be the only focus of marketing strategies aimed at brand 
growth. Similarly, Dawes et al. (2022) showed that extremely light buyers contribute 
40% of total sales; as such, they should not be ignored by the brand’s management. 
When considering these past results, it should be noted that estimates of the sales 
contribution of any buyer group vary depending on the length of time period, brands 
and product categories, as well as the selection of buyers included in the analysis 
(Schmittlein et  al., 1993). Additionally, none of the previous studies on this topic 
has investigated the growth potential of heavy brand buyers versus light brand buy-
ers, looking beyond the current sales importance of these buyer groups to the brand 
to appraise the potential contribution to future sales.

This research investigates the headroom potential for brand growth across dif-
ferent brand buyer groups by looking at the difference between brand purchases 
and category purchases of each buyer group. In this respect, headroom for growth 
incorporates a concept similar to share of category requirements (SCR) or share of 
wallet (Bhattacharya et al., 1996; Bowman & Narayandas, 2001; Du et al., 2007; 
Keiningham et al., 2011) which is the brand’s share of category purchases among 
its own buyers. SCR, however, does not directly link to sales potential. This is 
because a brand’s sales potential is a function not only of the proportion of its 
buyers’ category sales that it wins but also of how many such buyers there are, and 
how much they buy from the category.

We illustrate this idea with an example. For simplicity, we focus on current buyers 
of the brand; not non-buyers. We introduce non-buyers into the narrative later. Suppose 
that light and heavy buyers of a brand contribute 400 units and 600 units, respectively, 
to the brand’s current sales. Furthermore, light buyers contribute 1000 units to category 
sales, while heavy buyers contribute 1200 units to category sales. The growth poten-
tial of the two groups is similar. Both light and heavy buyers have 600 units of head-
room for the brand’s growth; hence, it would make sense for marketers to focus on both 
groups to grow the brand. However, if light buyers contribute 600 units to the category 
while heavy buyers contribute 1600 units, the headroom for the light buyers is only 
200 units and the heavy buyers would be 1000 units. Therefore, arguably the brand’s 
management might be more inclined to focus on heavy brand buyers to grow the brand.

Of course, managers may pursue customer groups for reasons other than just sales 
potential, such as the cost to serve, or whether they are a good match to the com-
pany’s capability to serve. This study provides knowledge about where the great-
est sales potential resides. This is important information for managers to factor into 
strategy formulation.

A question that may immediately arise concerns the brand’s non-buyers. There 
will usually be a much bigger number of category buyers who do not currently buy a 
brand, compared to those who do. Logically, this suggests the greatest sales potential 
must lie among non-buyers, simply because there are so many of them. However, 
again, the total number of buyers is not the sole criterion for assessing the growth 
potential of any buyer group; we also need to consider the rate at which that group 
purchases the category (Hess & Doe, 2013; Uncles et  al., 1995). For example, a 
brand’s non-buyers might be very numerous, but they may buy little of the category. 
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It is also likely that while a brand’s heavy buyers are a small proportion of its total 
buyer base (Barnard & Ehrenberg, 1997; Graham & Kennedy, 2022; Morrison & 
Schmittlein, 1988), they may buy a very large amount of the category. In this case, 
the growth potential could be greater among the brand’s current heavy buyers.

2 � Background

Research on the sales contribution of heavy versus light buyers began more than half a 
century ago. Twedt (1964) examined light and heavy category purchasers in two con-
sumer packaged goods (CPG) categories, based on a median split, and found that the 
top half of users contributed 87% and 86% of category purchases, respectively. Approxi-
mately 30 years later, Schmittlein et al. (1993) redefined the classification of heavy buyers 
according to the Pareto principle (the top 20% of customers) and investigated their sale 
contribution in four CPG categories. The study found that the heavy users’ sale contribu-
tion varies across categories and time periods. For example, the heaviest 20% of category 
buyers accounted for 49% of sales in a month and 65% in a year in the Yoghurt category, 
but 32% and 50% in the Ketchup category, respectively. These two initial studies only 
looked at heavy and light buyers of a product category. They did not investigate heavy and 
light buyers of a brand, which is more relevant for a brand manager.

Adopting the same classification as Schmittlein et  al. (1993) for brand buyers, 
Sharp (2010) reported that the heavy brand buyers in dozens of CPG categories in the 
USA, Australia, and South Africa on average contribute 39% in 3 months and 50% in 
a year to the total brand sales. Kim et al. (2017) used a 6-year window and reported 
that the heaviest 20% of brand buyers in 22 CPG categories in the USA accounted 
for 73% of brand sales. More recently, McCarthy and Winer (2019) reported that the 
heaviest 20% of buyers of non-CPG brands in the USA contributed 67% over 2 years 
to total company sales, while Dawes et al. (2022) reported that the heaviest 20% of 
brand buyers of 200 brands in 10 CPG categories in the UK contributed 60% of total 
brand sales over 5 years.

The differences in sales contribution in these previous studies are due to several 
known factors. Schmittlein et al. (1993) noted that frequently-bought categories and 
a longer time window for analysis will produce a higher Pareto ratio. Over time, 
there will be extremely infrequent brand buyers who will occasionally buy the brand, 
increasing the total size of the brand’s buyer base and making the sales proportion of 
the heaviest 20% appear higher. In summary, previous studies have established that 
heavy buyers are certainly important to current brand sales, but their contribution to 
sales is not as extreme as the Pareto 20:80 law (see Sharp et al., 2019).

These previous studies have not investigated the potential importance of those who 
are presently heavy or light buyers for brand growth. An increase in total sales can be 
achieved by winning more sales from a brand’s heavy buyers, light buyers, or those who 
presently do not include the brand in their repertoire.1 Although heavy buyers of a brand 

1  The answer to what constitutes a non-brand buyer is time dependent. Many buyers only buy a CPG 
brand very occasionally—for example once in 5 years (Dawes et al., 2022). We define a non-buyer here 
as a household that has not purchased the brand during the period of analysis.
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contribute substantially to brand sales, as showed in the previously cited studies, the ques-
tion arises: are they the group with the greatest potential to contribute to brand growth?

Our research question can therefore be phrased as where (among which groups) 
does the greatest sales potential reside—non-buyers, light, or heavy brand buyers?

We assume that category sales are stable year after year. This is appropriate con-
sidering the past research that indicates most consumer package-goods categories are 
quite stationary over a period of years (Dekimpe & Hanssens, 1995; Dunn et al., 2021). 
That said, if the category is growing or declining, we can adjust the headroom potential 
based on the category growth rate accordingly. We first use a simulation study to show 
the headroom potential for growth in different conditions, including brand sizes and 
category types. The use of a simulation allows us to pre-specify these conditions and to 
ascertain the predictions about sources of brand growth potential made by a theoretical 
model with extensive real-world support—the NBD-Dirichlet. We then use an empiri-
cal study to validate the results from the simulation.

3 � Simulation study

To address our research question, we use a special case of the NBD-Dirichlet model 
to simulate brand sales and category sales for brand heavy, light, and non-buyers 
based on their frequency of buying the brand (e.g., non-buyers, one-time buyers, 
two-time buyers, n time buyers). The NBD-Dirichlet model is a comprehensive 
probability model developed by Goodhardt et  al. (1984) that fits with a number 
of well documented scientific laws. The model is typically used to describe and 
appraise the competition among multiple brands within a category. It captures both 
product category purchase frequency and brand purchase frequency. It is recognised 
as one of the most well-established models in marketing (Driesener & Rungie, 2022; 
East & Hammond, 1996; Ehrenberg et  al., 2004; Lam & Mizerski, 2009; Pare & 
Dawes, 2011; Rungie et  al., 2013; Sharp et  al., 2012; Stern & Hammond, 2004; 
Uncles & Lee, 2006; Uncles et al., 1995). The model can predict brand performance 
measures across a wide range of categories, countries, and conditions with a high 
degree of accuracy (Casteran et al., 2019; Chowdhury et al., 2021; Driesener et al., 
2017, 2022; Riebe et al., 2014; Trinh & Lam, 2016; Trinh et al., 2016, 2017). As we 
only look at purchases of one brand versus total purchases of the category, we use a 
special case of the Dirichlet model for a brand versus all other brands, which is the 
Beta Binomial Distribution (BBD). Appendix 1 shows details of the model.

Since we seek to investigate brand growth potential, we not only simulate current 
brand and product purchases but also simulate future brand purchases and future 
product purchases of these buyer groups (Schmittlein et al., 1985). We run a simula-
tion for four types of product categories using a mix of penetration (high/low) and 
purchase frequency (high/low). Penetration is the proportion of households who buy 
a brand (or category) at all in a time period such as a year. Purchase frequency is 
the average number of occasions a brand’s (or category’s) buyers buy it in a time 
period such as a year (Ehrenberg, 1988). We also use brands of two sizes: small (5% 
market share) and large (50% market share). We create a simulated sample of 10,000 
shoppers. We use the model to simulate the sales potential of non, light, and heavy 
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buyers. As per past work we define light buyers as the lightest 80% and heavy buyers 
as the heaviest 20% (Kim et al., 2017; Martin et al., 2020; Schmittlein et al., 1993). 
We show an example of simulated data in Appendix 2 and the simulation scenarios 
in Appendix 3 with details of the model parameters. We next present the results for 
eight different scenarios.

Figure 1 shows brand and category purchases of different brand buyer classes in 
a high penetration and high purchase frequency category to illustrate the results. For 
both large and small brands over a period of 1  year, the difference between total 
category purchases and current brand purchases (the difference between the red and 
blue columns) is mostly due to light buyers or non-brand buyers. In these graphs, the 
y-axis represents the total number of purchases for brand and category (columns D 
and E in Appendix 2). The x-axis represents buyer frequency groups (column A in 
Appendix 2). For example, in the first graph, we see that the buyer group that makes 
two brand purchases comprises 1621 brand purchases and 4975 category purchases. 
Therefore, the headroom for growth is 3354 purchases. If we select a heavier buyer 
group in this graph, such as those who purchase the brand 10 times per year, they 
account for 1347 brand sales and fewer category sales (2087). In this instance, the 
headroom for growth is only 740 purchases.

Appendix 2 (columns G, H, I) and Appendix 4 show the future brand purchases, 
future category purchases and future sales potential of these brand buyer groups. 
Despite the difference between simulated current purchases and future purchases, 
simulated current sales potential and future sales potential are the same. This is also 
proven by equation (A11) in Schmittlein et al. (1985).

Considering the empirical evidence these charts portray, when we compare 
brands of different sizes, there is more growth potential from non-buyers than light 
buyers for small brands, while the opposite holds for big (large share) brands.

To add more context to these results, Table 1 quantifies the importance across dif-
ferent brand buyer groups by calculating the percentage contribution of each buyer 
group to total growth potential in all eight simulation scenarios. For example, for a 
large brand, in a 1-year period and in a high-penetration, high-frequency category, 

Fig. 1   Brand and category purchases of different brand buyer classes in a high penetration and high pur-
chase frequency category
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31% of its sales potential exists in its current non-buyers, 52% in current light buy-
ers, and 17% in current heavy buyers.

Overall, as seen in the bottom three rows of the table, these additional results 
show that the greatest sales percentage contribution originates, in the first place, 
from non-brand buyers (62% on average) and, in the second instance, current light 
buyers of the brand (28%). The smallest increment to growth comes from current 
heavy brand buyers (10%). Indeed, for small brands, the growth potential of current 
heavy buyers is negligible at under 10%.

The results in the graphs and Table  1 show that for a small brand, the largest 
source of growth potential by far is current non-buyers, followed by current light 
buyers. For a (very) large brand, current light buyers followed by non-buyers are 
the largest source of growth potential, with heavy buyers representing only 16% of 
growth potential. The reason why there is more sales potential for a big brand among 
its light brand buyers is simply that a large brand has many customers—therefore, 
there are fewer non-buyers as a source of potential sales (for example, if a brand had 
90% of the population as customers, non-customers would represent a small source 
of potential sales).

We also checked the potential effect of higher brand loyalty on growth potential 
by simulating using a higher polarisation index (Rungie & Laurent, 2012; Schmit-
tlein et  al., 1985; Trinh & Dawes, 2020). Results are shown in Appendix 5. The 
results show that for a given brand, the higher the polarisation index (i.e. higher 

Table 1   Growth potential of brand non, light, and heavy buyers: simulation results

Growth potential = total category purchases − total brand purchases

Large brand Small brand Overall average

Category Brand buyer class Growth potential Growth potential
N % N %

High pen, high PF Non 11,416 31 54,829 77 54
Light 19,575 52 11,142 16 34
Heavy 6338 17 4940 7 12

High pen, low PF Non 11,305 38 52,459 92 65
Light 16,539 55 3990 7 31
Heavy 2156 7 550 1 4

Low pen, high PF Non 4598 22 30,028 75 49
Light 10,187 49 6299 16 33
Heavy 6172 29 3492 9 19

Low pen, low PF Non 3758 64 10,694 96 80
Light 1556 27 348 3 15
Heavy 536 9 73 1 5

Average Non 39 85 62
Light 46 11 28
Heavy 16 5 10
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loyalty), the higher the sales potential of the non-buyers and the lower the sales 
potential of the light and heavy buyers.

We now determine if this simulated outcome based on the NBD-BBD model 
holds when we use real brand purchasing data.

4 � Empirical study

To check if the results of the simulation study reflect what occurs in the real world, 
we used panel consumer packaged goods purchasing data provided by Kantar. The 
Kantar panel consists of 12,407 households in the UK who continuously report their 
purchasing behaviour. For this study, we concentrate on data covering two con-
secutive years: from 2009 to 2011. We report both the actual growth potential and 
the estimated growth potential from the NBD-BBD model for different brands and 
categories. By ‘actual’ growth potential, we mean that we calculated the category 
purchases and brand purchases for brand non, light, and heavy buyers from actual 
(observed) data. Appendix 6 shows details of the brands and categories used in our 
analysis and the parameters estimated by the NBD-BBD model. Figure 2 illustrates 
the results for the toothpaste category where Colgate is the market leader with a 40% 
market share and Arm + Hammer is a small brand with a 5% market share. Results 
for all categories are showed in Table 2 with the growth potential of different brand 
buyer groups in percentages.

Consistent with the simulation study, growth potential in all conditions comes 
mostly from non-buyers or light buyers of the brand (66% and 25% of sales potential, 
respectively). In relation to brand size, we see that the growth potential from current 
light and heavy buyers is more significant for larger brands. However, growth poten-
tial from current non-buyers is still dominant. That said, for a very large brand such 
as Colgate, growth potential among current light buyers is comparatively greater 
than among non-buyers.
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Fig. 2   Growth potential of different brand buyer classes across different brands in the toothpaste cate-
gory: model-estimated vs. actual
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To validate the model, we calculate the observed year 2 growth potential of those 
who are non, light, and heavy buyers of the brand in year 1. We then compare these 
observed results with the future growth potential predicted by the NBD-BBD model. 
Appendices 7 and 8 show the results. The model accurately predicts future growth 
potential, providing confidence that using the NBD-BBD model is sound.

5 � Conclusions, limitations, and directions for future research

Previous studies have investigated the importance of heavy and light buyers to current 
brand sales. Specifically, a brand’s heaviest 20% of buyers account for 50 to 73% of its 
sales. While not as extreme as the 20:80 rule, there is no doubt that to maintain the cur-
rent level of brand sales, heavy buyers play a significant role. However, when a brand 
looks for sources of growth, this study shows that the sales potential for a brand does 
not reside among current heavy brand buyers. Both the simulation and empirical studies 
in this paper support that there is vastly more ‘headroom for growth’ among light brand 
buyers than heavies for big brands; and by far the most headroom for growth for small 
brands resides among current non-brand buyers. Current heavy buyers represent a very 
minor source of sales potential for either big or small brands, due to two simple facts: (a) 
they are a minority of the brand’s customer base; and (b) the brand is already representing 

Table 2   Growth potential of brand non,  light and heavy buyers: model-estimated vs. actual

Growth potential (%)

Large brand Small brand

Category Category 
penetration 
and purchase 
frequency

Brand buyer 
class

Model-
esti-
mated

Actual Model-
esti-
mated

Actual Average (actual)

Pasta sauce Non 49 45 68 70 58
High pen Pen = 74% Light 37 42 23 22 32
High PF Freq = 10.4 Heavy 14 14 9 8 11
Toothpaste Non 37 38 85 86 62
High pen Pen = 91% Light 50 49 11 10 30
Low PF Freq = 6.4 Heavy 14 13 4 3 8
Beer Non 60 55 70 72 64
Low pen Pen = 56% Light 28 29 19 18 24
High PF Freq = 7.2 Heavy 12 16 11 10 13
Razor blades Non 68 70 96 95 83
Low pen Pen = 49% Light 24 22 3 4 13
Low PF Freq = 2.4 Heavy 8 8 1 1 5
Average Non 53 52 80 81 66

Light 35 36 14 14 25
Heavy 12 13 6 5 9
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a large proportion of their category purchasing, so they cannot buy the brand much more 
than they do currently.

For marketers looking to grow their brand, this study provides evidence for the need 
to market beyond the brand’s heavy buyers. Brands should aim to obtain additional share 
of category purchasing from the large pool of households who buy the brand occasion-
ally, as well as also recruiting consumers who are currently non-buyers.

This study examined the sales potential of different buyer groups. The method was 
straightforward, albeit to the best of the author’s knowledge has not been utilised in prior 
work, namely to investigate the extent of category buying among various brand buyer 
groups. No examination of actual brand growth over time was conducted. However, a 
future direction for this research is to identify brands that grew in sales over a time period, 
and ascertain the extent to which their sales growth was obtained from the buyer groups 
in the manner predicted by this study. Future research could also investigate the sales 
potential of different buyer groups for new brands that ultimately succeed or fail.

Another important consideration in relation to brand growth concerns the time 
period over which growth occurs. Managers should be interested in the management 
of brands over the long term (Ataman et al., 2010; Dawes et al., 2020; Golder, 2000; 
Golder & Tellis, 1993; Mitra & Golder, 2006; Trinh & Anesbury, 2015). Therefore, 
future research could examine the sales potential of current non-buyers as well as 
light and heavy buyers, to brand growth over long term (i.e. 5 years or more).

The context of this study is consumer packaged goods, yet the broad approach could be 
used for quite different markets such as banking or insurance. In these markets, consumers 
often deal with more than one brand (e.g. Dawes, 2014; Mundt et al., 2006). Therefore, 
as per approaches outlined in Du et al (2007) it would be possible for managers in service 
categories to obtain information via surveys, pertaining to the brand and category pur-
chasing of its customers and non-customers, and calculate the sales potential of its light 
and heavy buyers as well as current non-buyers. The resultant information would allow 
more informed growth and targeting strategies.

Our focus has been to describe the ‘lay of the land’ in respect of the sales poten-
tial of non-, light, and heavy buyers. We find that empirically, the greatest sales 
potential resides with current non-or light brand buyers. We examine the context 
of a stationary category, but given that there are predictable patterns of category 
growth (Dunn et al., 2021; Nenycz-Thiel et al., 2018), it is likely that our findings 
will hold for growing or declining categories also. Managers can use this informa-
tion and take additional information into account, such as company capabilities, the 
cost of servicing or reaching a buyer segment in formulating their strategy. Lastly, 
the focus of this study is sales. The question of the profit potential of buyer groups 
has not been examined and is a direction for future research.
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