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Table 1 — Comparison of DR and FAR.

Iteration count Simple-ISVM KKT-ISVM RS-ISVM CSV-ISVM
DR (%) FAR (%) DR (%) FAR (%) DR (%) FAR (%) DR (%) FAR (%)

79.646 4.535 79.646 4.535 79.646 4.535 79.646 4.535
85.826 7.245 77.451 4.449 84.113 4.099 84724 4.025
81.435 6.169 82.608 5494 85.069 4.059 85.576 3.915
76.871 6.076 81.829 5.501 85.917 3.948 86.082 3.802
77.513 6.393 81.941 4518 86.407 3.805 86.814 354
77.474 6.403 80.69 5.153 87.352 3476 87.238 3.33
75.618 6.552 86.518 4.327 87.54 3.372 83.082 3.027
71.882 3.216 84.221 4.141 87.968 3.225 88.095 3.012
80.606 6.762 87.419 4.162 89.144 3124 89.643 252
79.576 5.699 87.706 4.16 89.817 3.015 90.147 2314
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ROC Curve of Incremental Learning
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Table 2 — Comparison of training and testing time.
Iteration count Simple-ISVM KKT-ISVM RS-ISVM CSV-ISVM
Train (s) Test (s) Train (s) Test (s) Train (s) Test (s) Train (s) Test (s)

1.843 9.4 1.842 9.48 1.833 8.58 1.823 7.76

6.407 24.688 12.578 27.005 4.935 17.5255 3463 10.363

9.375 34.27 26.667 39.973 7.3175 24.8565 5.26 15.443
15.155 39.87 50.733 49.427 12.4085 29.701 9.662 19.532
31.433 44.427 63.833 57.162 21.3675 33.581 11.302 22.735
30.078 58.412 81.15 64.245 21.8355 42.1495 13.593 25.887
37.787 70.157 119.4 74.272 26.0675 49,1935 14.348 28.23
55.157 79.948 138.667 83.36 36.316 55.7815 17 475 31.615
46.9 73.022 160.45 88.412 34.96 54.2845 23.02 35.547
67.023 79.978 168.75 99.912 47.14 60.0375 27.257 40.097
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Table 3 — Comparison of time difference between two subsequent increments.
Iteration count Simple-ISVM KKT-ISVM RS-ISVM CSV-IsVM
Train (s) Test (s) Train (s) Test (s) Train (s) Test (s) Train (s) Test (s)

{This is the very first iteration, no incremental learning have been applied so far.)
4.564 15.288 10.736 17.525 3.102 8.9455 1.64 2603
2,968 9582 14.089 12.968 2.3825 731 1.797 5.08
5.78 5.6 24066 9.454 5.091 4.8445 4.402 4.089
16.278 4557 13.1 7.735 8.959 3.88 164 3.203
—1.355 13.985 17.317 7.083 0.468 8.5685 2291 3152
7.708 11.745 38.25 10.027 4232 7.044 0.755 2343
17.37 9.791 19.267 9.088 10.2485 6.588 3127 3385
-8.257 -6.926 21783 5.052 -1.356 -1.497 5.545 3932
20.123 6.956 8.3 115 12.18 5.753 4.237 455
7.242222 7.842 18.54533 10.048 5.034111 5.7175 2.826 3593
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