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Cleaning and compressing big data

Big Data Volime .
® [arge scale distributed feature selection
L]
L]

Workflow management and task scheduling

Velocity Real time online learning for streaming data
Variety Multi-view learning for heterogeneous multimedia data
Multimedia neural semantic embedding

Veracity Assessing data veracity
Learning with unreliable or contradicting data

Explainable ML for decision support
Multi-user collaborative decision support based on big data analysis

Labeling Crowd sourced active learning for effective large scale data annotation
Evaluation Comprehensive evaluation measures for ML (e.g, usability-based measures)
Privacy Privacy preserving distributed ML

User Interface Visnalizing big data
Intelligent user interfaces for interactive ML
Declarative ML
Domain Domain knowledge Incorporating general domain knowledge (e.g., ontology, first-order logic, business rules) in ML

System Infrastructure New infrastructure that seamlessly provides decision support based on real time analysis of large amount of heterogeneous and
unreliable data.
General big data middleware
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