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Algorithm 2: CFSP-Miner(D.F. M. T ).

Input; Dataset D = (O, A, V., P),
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Minimum Frequency Threshold M € M
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Table 1
Description of datasets.

Datasets Objects  Non-numerical features  Numerical features

Dermatology 366 34 1
Flags 194 20 10
Mushroom 8124 22 0
Waveform 5000 40 1
Vehicle 946 1 18
Wine 178 1 13
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